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* HEFEIEIE (Machine learning, ML) & FEZ3IEiE (Deep learning, DL)
* 18K (Computer vision, CV)

° BAESAE (Natural language processing, NLP)

* HzhiEEiRA) (Automatic Speech Recognition, ASR)

* ATIEHEESYELM (Al + loT, AloT)

* HMEEFEFIStr&FEENM (Time-series and Anomaly detection)

* ssAEH (Robot)

* HEZRH% (Recommender system)

* Al for Science

* B33 (Reinforcement learning, RL)

®  EHfth: TSREDRA. SEMEERERSNHE. BRI, EXEGSTT. EYSDR. EMRFEESHE. SR, B
MANSDHT. HENELTSITE. 1550, BROT. XAERK. IERF. AVISHEIASTUN., S8 ABZEEICSHRA.
MEEABESIEA. TS AEEINEAR, SHeEsEANBRFESHEA. SeeEtRFESMA.
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HENMER. SRR FRIERENEE, FEUTHEIRGEE,

semantic segmentation image captioning

object recognition object detection

Cat éfgg,ﬁ?tba" A cat is playing a
Blue: background ball.
(1) (2) (3) (4)
image question answering image generator LiLi

A cat is playing a ball.
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Input Image

Q: How many balls
are there in the image?
A: One.

(5)
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“Artificial Intelligence is highly interdisciplinary. Therefore, let's approach it in an

interdisciplinary and holistic way.” ~ Murat Durmus
_ ' Philosophy

Psychology
Math / Computer
— Science
R Neuroscience /
Biology
Sociology

\

/

Art Murat Durmus
(CEO AISOMA)
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Tune hyper-
parameters

. Implement Meets re-

Improve

model/data
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M— 1 EERRYREFR
_

UNet Add more skip connections,
attention modules
Bk —HEER ResNet Transformers (e.g. ViT)
=5 F5 LSTM/GRU Transformers

{EREHMELAR T E

o {428 Adam, #IAESZ10e-4

- ELEEREL: RelLU (FC and CNN models); tanh (LSTMs)

o NEHJMEH,: Heetanormal N (0 ‘F)(if using ReLU); Glorot normal (0, J%)(if tanh)
- HUEmEN: 3—E (0, 1) EES
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RYLE (Underfitting) 51L& (Overfitting)
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